Supplementary File 2. Logistic regression output for melanosome apical-basal distribution
analysis in Fig. 3C.

> Dataset

sample geno DV basal_no apical_no
1 WT1 WT Dorsal 587 825
2 WT1  WT ventral 211 373
3 WT2 WT Dorsal 619 903
4 WT2 WT ventral 225 403
5 WT3 WT Dorsal 541 823
6 WT3 WT ventral 196 347
7 Yngl yng Dorsal 347 666
8 Yngl yng ventral 25 101
9 Yng2 yng Dorsal 303 578
10 Yng2 yng ventral 96 209
11 Yng3 yng Dorsal 362 695
12 Yng3 yng ventral 71 222
where

Sample: Biological replicate number

Geno: genotype

DV: dorsal or ventral to optic nerve
basal _no: melanosome count on basal RPE
apical_no: melanosome count on apical RPE
# model 1: full model

> modelabratiol <- gIm(cbind(basal _no,apical_no)~geno*DV, family =
binomial, data = Dataset)

## analysis of deviance

> anova(modelabratiol, test="Chisq")
Analysis of Deviance Table

Model: binomial, link: logit
Response: cbind(basal_no, apical_no)

Terms added sequentially (First to last)

Df Deviance Resid. Df Resid. Dev P(>|Chi])

NULL 11 78.704

geno 1 42 .354 10 36.349 7.615e-11 ***

DV 1 25.208 9 11.141 5.147e-07 ***
1 2.497 8 8.644 0.1140

geno:DV

Signif. codes: 0O “**** 0.001 “*** 0.01 “** 0.05 “.” 0.1 < ~ 1



## deviance goodness of fit of the fitted model

> pchisq(8.644, df=8, lower = F)

[1] 0.3732115

# model 2: remove interaction

> modelabratio2 <- update(modelabratiol, ~. -geno:DV)
## analysis of deviance

> anova(modelabratio2, test="Chisq")

Analysis of Deviance Table

Model: binomial, link: logit

Response: cbind(basal_no, apical_no)

Terms added sequentially (first to last)

Df Deviance Resid. Df Resid. Dev P(>|Chi])

NULL 11 78.704
geno 1 42 .354 10 36.349 7.615e-11 ***
DV 1 25.208 9 11.141 5.147e-07 ***

Signif. codes: 0 “**** 0.001 “*** 0.01 “** 0.05 “.” 0.1 < ~ 1
>

## deviance goodness of fit of the fitted model
> pchisq(11.141, df=9, lower = F)

[1] 0.2661678

# model comparison

> anova(modelabratiol, modelabratio2, test="Chisq")
Analysis of Deviance Table

Model 1: cbind(basal_no, apical_no) ~ geno * DV
Model 2: cbind(basal_no, apical_no) ~ geno + DV
Resid. DF Resid. Dev Df Deviance P(>|Chi])

1 8 8.6439
2 9 11.1414 -1 -2.4975 0.1140

* Since p is not significant, so model simplification is justified and
modelabratio2 is used iIn the result section.

## Interpretation of results



> summary(modelabratio?)

Call:
glm(formula = cbind(basal_no, apical_no) ~ geno + DV, family =
binomial,

data = Dataset)

Deviance Residuals:
Min 10 Median 30 Max
-2.2386 -0.4359 0.3221 0.4453 1.1298

Coefficients:

Estimate Std. Error z value Pr(c|zl)
(Intercept) -0.36460 0.02972 -12.268 < 2e-16 ***
genoyng -0.30757 0.04421 -6.957 3.47e-12 ***
DVventral -0.24638 0.04941 -4.986 6.15e-07 ***

Signif. codes: 0 “***> 0.001 “**” 0.01 “*” 0.05 “.” 0.1 < ~ 1
(Dispersion parameter for binomial family taken to be 1)

Null deviance: 78.704 on 11 degrees of freedom
Residual deviance: 11.141 on 9 degrees of freedom
AIC: 98.815

Number of Fisher Scoring iterations: 3
* In the summary output of modelabratio2,

1. The coefficient genoyng has a significant negative estimate (p-
value = 3.47e-12). This implies that there was an apical bias iIn
smarca4 RPE.

2. The coefficient DVventral has a significant negative estimate (p-
value = 6.15e-07). This implies that there was an apical bias in
the ventral RPE in both genotypes.



